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Butthere is another situation
Miss TYPEII ERRORI
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for make thingswork we need more measurement MORE ANSWER

Butfirstweconsider
HOWDOWEDESIGN A DETECTOR
t a common approach is tofin Pea and thendesign thedetector by maiming Po
Thedesign strategy is the NEYMAN Pearson approach
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According to the Rayman Pearson theorem we decide H when teal p
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Let's draw right now
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nowthat wehave a detector nowwe can visualize theprobabilityofFalsealarm detection resputtop
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RECEIVEROPERATING CHARACTERIC ROC

The Roc isusedto characterize tue performancesofa detector
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